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Where I’m talking from
See https://members.loria.fr/KFort/

I Language resources creation for NLP, esp. using crowdsourcing

I Ethics and NLP
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What are we talking about?
Virtue Ethics
Deontological Ethics
Utilitarianism and consequentialism
Natural Language Processing (NLP)

Why is it important?

Beyond biases

How to limit the damages?
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Ethics in general vs in the community
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Ethics is not law
Right to do things vs doing what is right

Ethics

Law

Law: sets minimum standards (rules and regulations)

vs

Ethics: sets maximum standards
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Virtue ethics: Aristotle (384–322 BC)

After Lysippos - Jastrow (2006)

Work on ethics
Nicomachean Ethics
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https://www.stmarys-ca.edu/sites/default/files/attachments/files/Nicomachean_Ethics_0.pdf


Virtue ethics: Ethics is about action (not theory)

Do the best thing, make the best choices: a virtuous man is a
virtuoso (perfectionism)

To achieve this:
I exercise being virtuous
I be surrounded by virtuous persons

Main virtue = prudence (not too much, not to little: middle
ground)
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Deontological ethics: Immanuel Kant (1724-1804)

Work on ethics
Critique of Pure Reason
Critique of Practical Reason
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http://strangebeautiful.com/other-texts/kant-first-critique-cambridge.pdf
http://www.kantwesley.com/Kant/CritiqueOfPracticalReason.pdf


Deontological ethics: The Imperative of the Practical
Reason

Inflexible order of nature → to be really free I have to reason
(practically) and act accordingly, without being the slave of my
passions

I submission to duty (internal law: wanting to do good) elevates
us (perfectionism)

I test: universalization (care for others)

⇒ thinking in terms of the "right" action
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Jeremy Bentham (1748-1832)

By Henry William Pickersgill

Work on ethics
The Principles of Morals and
Legislation

John Stuart Mill (1806-1873)

London Stereoscopic Company - Hulton Archive

Work on ethics
Essay on Bentham
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https://en.wikisource.org/wiki/An_Introduction_to_the_Principles_of_Morals_and_Legislation
https://en.wikisource.org/wiki/An_Introduction_to_the_Principles_of_Morals_and_Legislation
https://www.laits.utexas.edu/poltheory/jsmill/diss-disc/bentham/bentham.html


Bentham’s Utilitarianism

Scientific, truly altruistic, method:
I observation of human behaviours: they want pleasure
I counting positive and negative points (money) for each

decision to be made
I each person counts for 1 (nobody matters more than the

others, even the agent)

⇒ maximize pleasure for a maximum of persons (beings)
⇒ no perfectionism

⇒ thinking in terms of the consequences of an action
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Mill’s Utilitarianism

Maximize happiness (not pleasure)

Adds virtue as part of happiness (hierarchy in pleasures)
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Contemporary Utilitarianism: consequentialism

Only consequences matter

Criteria: satisfaction of preferences, well-being, still not moral
But no more calculus
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An overview of (the vast majority of) present NLP
since 2018 (and evolving rapidly) – a draft
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Example of issue: "Neutralization" bias
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Example of issue: "Neutralization" bias
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Example of issue: "Neutralization" bias

context taken into account (sentence) +
masculine = neutral
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Machine learning is not magic

The decisions to:
I define masculine as neutral in French (not the case in Ancient

French)
I take the sentence as the context

were MADE by people

24 / 63



What are we talking about?

Why is it important?
"Neutralization"
Invisibilization
Mirror of prejudice?
Consequences in people’s life

Beyond biases

How to limit the damages?

25 / 63



Invisibilization: word2vec trained on Google News

https://rare-technologies.com/word2vec-tutorial/
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https://rare-technologies.com/word2vec-tutorial/


Invisibilization: face recognition (Zoom)

https://twitter.com/colinmadland/status/
1307111818981146626/photo/1
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https://twitter.com/colinmadland/status/1307111818981146626/photo/1
https://twitter.com/colinmadland/status/1307111818981146626/photo/1


Invisibilization: voice recognition

https://www.youtube.com/watch?v=BOUTfUmI8vs
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https://www.youtube.com/watch?v=BOUTfUmI8vs


Issues in systems’ evaluation

[Garnerin et al., 2020]
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Machine learning is not magic (2)

The decisions to:
I train the systems with stereotyped datasets
I not evaluate the systems on black faces / different accents

were MADE by people
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Mirror or amplifier?

[Zhao et al., 2017]
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Digital assistants: mirrors and amplifiers

https://unesdoc.unesco.org/ark:
/48223/pf0000367416.page=85
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https://unesdoc.unesco.org/ark:/48223/pf0000367416.page=85
https://unesdoc.unesco.org/ark:/48223/pf0000367416.page=85
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Programmed reactions
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Justice (risk assessment instruments)
systems used in all the states in the USA

Example of COMPAS (2016)

https://www.propublica.org/article/machine-bias-risk-assessments-in-criminal-sentencing
https://epic.org/algorithmic-transparency/crim-justice/
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https://www.propublica.org/article/machine-bias-risk-assessments-in-criminal-sentencing
https://epic.org/algorithmic-transparency/crim-justice/


Recruiting

"Amazon’s system taught itself that male candidates
were preferable. It penalized resumes that included the
word “women’s,” as in “women’s chess club captain.” And
it downgraded graduates of two all-women’s colleges"

"That is because Amazon’s computer models were
trained to vet applicants by observing patterns in resumes
submitted to the company over a 10-year period. Most
came from men, a reflection of male dominance across the
tech industry."

https://www.reuters.com/article/us-amazon-com-jobs-automation-insight/
amazon-scraps-secret-ai-recruiting-tool-that-showed-bias-against-women-idUSKCN1MK08G
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https://www.reuters.com/article/us-amazon-com-jobs-automation-insight/amazon-scraps-secret-ai-recruiting-tool-that-showed-bias-against-women-idUSKCN1MK08G
https://www.reuters.com/article/us-amazon-com-jobs-automation-insight/amazon-scraps-secret-ai-recruiting-tool-that-showed-bias-against-women-idUSKCN1MK08G


About the past

"Data are not raw materials. They are always about
the past, and they reflect the beliefs, practices and biases
of those who create and collect them."

(V. Dignum, book review)
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https://www.nature.com/articles/d41586-021-01397-x
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Very few systemic approaches to the problem

I [Lefeuvre et al., 2015] (in French): a consequentialist grid for
an ethical assessment of researches and applications

I [Fort and Amblard, 2018] (in French): a deontological,
systemic view on ethics in NLP

I [Bender et al., 2021]: the dangers of large language models
(impact on people a posteriori)
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"Overselling" research results

vs [Bender and Koller, 2020]

43 / 63



What are we talking about?

Why is it important?

Beyond biases
Advertizing vs publishing
Artificial artificial intelligence
Environmental impact (in a nutshell)

How to limit the damages?

44 / 63



Data production: real humans behind the curtain

[Fort et al., 2011]
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Data and "informed" consent
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Carbon footprint

[Strubell et al., 2019]
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Models trained once and for all?

[Bender et al., 2021]

49 / 63



What are we talking about?

Why is it important?

Beyond biases

How to limit the damages?
Top down approaches
Bottom up approaches

50 / 63



What are we talking about?

Why is it important?

Beyond biases

How to limit the damages?
Top down approaches
Bottom up approaches

51 / 63



Guidelines, guidelines everywhere!

[Hagendorff, 2020]
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Guidelines and checklists are great, but won’t fix this

"Currently, AI ethics is failing in many cases. Ethics
lacks a reinforcement mechanism. Deviations from the var-
ious codes of ethics have no consequences. And in cases
where ethics is integrated into institutions, it mainly serves
as a marketing strategy. Furthermore, empirical experi-
ments show that reading ethics guidelines has no significant
influence on the decision-making of software developers."
[Hagendorff, 2020]
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Citizens reactions (shaming)

https://twitter.com/dantley/status/1307432466441859072
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https://twitter.com/dantley/status/1307432466441859072


Young researchers react (more)

[Garnerin et al., 2020]
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(At least some) hype benefits ethics

[Hovy and Spruit, 2016] about biases in NLP:
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(At least some) hype benefits ethics

[Blodgett et al., 2020] analyzed 146 articles about biases in NLP:
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Thank you!
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